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Idea: Temporal attention modules trained to separately attend to Ranking Loss , Disparity Loss , Rank-aware Loss , Who's Better [1] 76.0 75 g

video parts which are indicative or higher skill (pros) and lower Standard ranking loss to ensure p; is ranked Explicitly encourages each attention branch to Optimizes the two attention modules to be- - :
skill (cons). Modules are fused (orange) for an overall skill assess- higher than p;. outperform uniform weighting. come rank-aware and attend to parts of the Last Segment /6.8 61.0
ment of the video. video indicating high or low skill. Uniform Weighting /8.8 73.6
Softmax Attention 74.5 72.3
BEST Dataset litative Resul STPN [2] 74.3 70.0
Srase Qualitative Results Ours (Rank Aware Attention) 80.3 81.2
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